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The examined problem 1s:
Find the transition function
that maximizes the posterior
observation (2;) probability.
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‘As\ex Solve for the linear

\S‘ basis approximation:
1 Y p(zly) = v" d(z,y)

Include penalty term for equality constraint.

ba 77)=£)n>1% f(vT¢)+122H1_vam€S ¢(33, )deLz

: o, Of
Is solved with 0-bounded Vof(p)=¢- $|p=ﬁ

2
Newton's algorithm. H,(f)(p) =¢- %Ipzﬁ ¢

Subspace Search Subproblem

Assume that p* solves the restricted master problem. We may evaluate an
updated basis vector % by solving the functional 2nd-order approximation:
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Results

Ly e/ . The problem 1s similar to the problem of approximating a
0] . target function with a nonnegative combination of the

basis functions in %. Different algorithms may
be used to find a good ¥. A modified
version of subspace pursuit [1]| was
implemeted. Also let the penalty
parameter increase each
iteration.
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Algorithm has

problems with dependency on
prior state. Possible cause: penalty.
The representation found 1s sparse, and

. achieves higher objective value than the
Subspace method  Baseline method  paseline method that uses more parameters.
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