Combining Policies and Heuristics for Classical Planning

In this project, we aim to leverage the strengths of both and
planning paradigms while mitigating their weaknesses. We follow one of
the earliest works (Yoon et al. 2008) in this line of research and propose a
combination of policy-guided heuristic search with unsolvability
detection. Since our policies are prone to misclassification, the use of
heuristics together with policies allows to mitigate the imperfections of
the statistical learning. To decrease the impact of inaccurate heuristic
estimates, we use the policy for unsolvable transitions as an unsolvability
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Our preliminary results support the main motivation that the
frelds of learning and planning can complement each other
rather than one superseding the other.
e, PR machne i \\//\ S| st
Supervisors: Jendrik Seipp, Daniel Gnad
OWV UNVERSTY | |\ ReasoningLab P ] PP AND SOFTWARE PROGRAM

Acknowledgement: Dominik Drexler



	Slide 1

