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Abstract

Parkinson's disease (PD) Is a challenging neurodegenerative condition that may be monitored using mobile devices,
possibly enabling real-time assessment. This research leverages machine learning and explainable Al to focus on PD
detection and identifying crucial vocal attributes. Employing techniques like group-wise scaling, anomaly detection, and
gradient boosting, we have created an accurate model for PD detection. Testing on experimental voice data yielded
an exceptional 80% accuracy, surpassing prior studies. In the long run, this framework enables early treatment
and potential cost reduction in PD care.
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