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Images can be reconstructed from features with 

enough salient regions for accurate pose estimation.

Features contain enough information

The main challenge when dealing with heterogeneous feature 

detectors is that the same landmarks might not be found. This is 

called the keypoint repeatability problem. Traditional matching 

algorithms struggle in these scenarios. For interoperable pose 

estimation, if only features are shared and the keypoints are 

detected with heterogeneous detectors, robust results can not 

be guaranteed.
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